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Abstract  
The era of mobile commerce is coming, and mobile payments will become an important channel for 
conducting transactions, especially concerning mobile commerce. However, we are still in the early days 
for global adoption of mobile payments. This research explores consumers’ trust building in the consumer 
learning process and its effect on consumers’ behavioral intention toward mobile payments. Results 
indicate that exposure to mobile payments has a positive relationship with consumers’ information 
searching and trust in mobile payments, which in turn affect their behavioral intention. When we 
compared our results across the user and the non-user groups, the similarities and differences in the 
cognitive processes involved for adoption and post adoption become apparent. Theoretical and practical 
implications of the findings are also presented. 
Keywords  
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Introduction 
Mobile payments are payments that use mobile devices to pay for goods, services, and bills or perform 
bank transactions by using mobile technology (Dahlberg, Mallat, Ondrus, & Zmijewska, 2008). Many 
researchers and business analysts believe that mobile payments will flourish in coming years. It is 
estimated that worldwide mobile payment revenue will rise to $998.5 billion in 2016 (Business Wire, 
2012). However, the acceptance rate of mobile payments is low although the growth forecast for mobile 
payments is very positive (Duane, O’Reilly, and Andreev, 2012). Consumers are not ready to broadly 
accept mobile payments. In the U.S., only 37% of smartphone owners have used their phones to make a 
mobile payment (Nielsen, 2014). In China, only twenty nine percent of consumers have used mobile 
payments, among which only six percent of consumers use mobile payments frequently and twenty three 
percent of consumers use mobile payments occasionally (iResearch, 2013).  
Meanwhile, we are still in the early days for the adoption of mobile payments globally (MasterCard, 2014). 
According to the MasterCard mobile payments readiness index, no country has achieved a mainstream 
consumer acceptance, and we are still in the early days for the adoption of mobile payments globally 
(MasterCard, 2014). Singapore ranks first with an index of 45.6, and the indexes for the United States and 
China are 41.5 and 36.5, respectively (MasterCard, 2014). In the other side, recent launcher of Apple Pay, 
the mobile payment process of the Apple Company, indicates that users are willing to engage in using 
mobile payments. More research is needed to explore the drivers of mobile payment acceptance.  
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Trust is an important driver of consumers’ acceptance of IT innovations, especially when there is a high 
level of risk associated with IT innovations (Coleman, 1990; Gefen et al., 2003). Mobile payments operate 
based on mobile Internet and there is high uncertainty and perceived risk associated with using them 
(Zhou, 2014). Zhou (2015) posited that trust in mobile payments will stimulate consumers switch from 
online payments to mobile payments. Thus, trust plays a vital role in affecting acceptance of mobile 
payments.  
Consumers’ trust in mobile technology is dynamic (Lin, Wang, Wang, & Lu, 2014). Consumers modify 
their trust in mobile payments according to new information they obtain during the consumer learning 
process. In this process, external factors play an important role in affecting consumers’ trust in mobile 
payments (Liebana-Cabanillas et al., 2014). Liebana-Cabanillas et al. (2014) posited that social influences 
and social norms are two types of external factors that have a positive relationship with consumers’ trust 
in mobile payments. They proposed that future research should explore the influence of other external 
elements on consumers’ trust in mobile payments (Liebana-Cabanillas et al., 2014). For example, word of 
mouth and media usage are considered external factors that affect consumers’ trust in mobile payments 
(Chandra et al., 2010; Kim et al., 2009). 
In this article, we view adoption of innovation as an “on-going process involving persuasive 
communication and learning (Lee & Xia, 2011, P. 289)” and separate consumer learning into passive and 
active consumer learning, which are represented by exposure to mobile payments and information 
searching, respectively. Exposure to mobile payments refers to the degree to which an individual has 
acquired or exchanged information about mobile payments and its usage (Khalifa, Cheng, & Shen, 2012). 
Exposure to mobile payments is viewed a construct that is composed of media usage, positive word of 
mouth (pWOM), and explicit and implicit social influence. Information searching in this study is the 
process by which individuals seek information about a problem, situation, or artifact such as how to use 
mobile payments (Browne, Pitts, & Wetherbe, 2007). We then view consumer learning as the source of 
quality information and explore the effect of consumer learning on consumers’ trust building and 
behavioral intention toward mobile payments.  
The objective of this research is to explore consumers’ trust building in the consumer learning process and 
its effect on consumers’ behavioral intention toward mobile payments. Our research questions are: (1) 
whether consumer learning can increase consumers’ trust in mobile payments and hence affect their 
behavioral intention toward mobile payments; and (2) what factors differentiate the users and non-users. 
The rest of the paper proceeds as follows. The theoretical background and conceptual model are presented 
first. Then, the hypotheses are developed. Data collection and analysis are explained next followed by 
presentation of the results. 
Theoretical Background 
Multi-Stage Decision Making Model 
Dewey (1910) first proposed the multi-stage buying decision process, which includes problem/need 
recognition, information searching, alternatives evaluation, purchase decision, and post purchase 
behavior. Consumers’ decision making processes start when they recognize the need to make a decision. 
They will search for some information to solve the problem or to make a decision about whether to use the 
product. The information they obtain will be used to evaluate the alternative to decide which one to 
choose. Then, the final decision will be made after the evaluation.  
A similar model of decision making is proposed by Bruyn and Lilien (2008). The model includes three 
stages: awareness, interest, and final decision. Consumers first become aware of the existence of an object 
because of exposure to the object or receive of information about the object from the external 
environment. Then, individuals will search for information to see whether the object meets their needs. 
With the information they obtain, they will evaluate the object and its alternatives and make final 
decisions about whether to use and which one to use. 
 Trust Building and Behavioral Intention 
 Twenty-first Americas Conference on Information Systems, Puerto Rico, 2015 3 
 
Initial Trust Building Theory 
McKnight et al. (1998) and McKnight, Choudhury, and Kacmar (2002) proposed the initial trust building 
model, explaining the trust building mechanism and the role of trust in affecting behavioral intention as 
follows: 
Trust building levers Trust in vendorTrust intention 
Trust building levers refer to some environmental or personal factors that help build trust. They used 
disposition to trust and institution-based trust to represent trust building levers. Trust intentions refer to 
intention to engage in trust related behaviors and are positively related with trust related behaviors such 
as adoption and purchase (McKnight et al., 2002). According to the model, disposition to trust and 
institution-based trust each have a positive effect on trust belief and in turn, affects trust intention. 
McKnight et al. (2002) suggested that trust plays a central role in helping consumers overcome the 
uncertainty and risk of purchasing from online sellers and encourages consumers to adopt e-commerce. 
They applied the initial trust building model to e-commerce and tested the items they proposed to 
measure disposition to trust, institution-based trust, trusting belief, and trust intention. They found that 
disposition to trust is positively related to both trust belief and institution-based trust. Trust belief then 
positively affects individuals’ trusting intention.  
Research Model and Hypotheses Development 
Research Model  
A conceptual research model (Figure 1) is proposed by combining the theories listed above. According to 
the model, consumers will search for information after getting exposed to mobile payments. Consumers’ 
exposure to mobile payments and information searching together encourage them to trust mobile 
payments. Trust and information searching will then affect consumers’ behavioral intention toward 
mobile payments.  
 
Figure 1. Trust Building in Consumer Learning Process 
Hypotheses Development 
Zuckers (1986) mentioned that characteristics-based trust is an important mode of building trust. 
Characteristics-based trust refers to trust that is built on characteristics of trustees such as perceived 
reputation. PWOM is a socially generated signal of product or service (Amblee & Bui, 2011), which we use 
to represent consumers’ positive feelings about mobile payments in this research. Meanwhile, media 
usage, the extent to which messages of an innovation are transmitted through mass media such as 
television, newspapers, magazines, radio, and the Internet, is used to attract consumers by providing 
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them with advantages of products or services (Wei et al., 2011). Thus, pWOM and media usage have a 
positive relationship with consumers’ perceived reputation of mobile payments, which encourages 
consumers to trust in mobile payments (Chandra et al., 2010; Kim et al., 2009). Additionally, social 
influence, consumers’ perceived pressure of important others that they should use a particular technology 
(Venkatesh et al., 2012), serves as a special connection between important others and mobile payments. 
Trust always transfers from trusted objective to new objective if there is a connection between these two 
parties (Steward, 2003). Consumers trust people they respect, and thus they tend to trust mobile 
payments if they feel those individuals think they should use mobile payments. Thus, 
Hypothesis 1. Exposure to mobile payments will encourage consumers to trust mobile payments.  
Awareness and interest about innovations may occur concurrently after consumers are exposed to the 
innovation (Yoo, 2008). Exposure to WOM and media usage are two methods by which consumer’s 
interest may be elevated (Kulkarni, Kannan, & Moe, 2012). After consumers become aware of and 
interested in IT innovations, they are motived to search for information about them before making further 
adoption decisions (Bruyn & Lilien, 2008). Consumers may communicate with others or search 
independently to explore how IT innovations function; this is the knowledge stage of the innovation-
decision process (Rogers, 2003). Thus,  
Hypothesis 2. Exposure to mobile payments will encourage consumers to search for information about 
mobile payments.  
Information is considered an important prerequisite to trust (Flavia’n et al., 2006). By searching for 
information about mobile payments, consumers become familiar with mobile payments (Gefen et al., 
2003). Consumers’ familiarity with mobile payments allows them to accumulate trust-relevant knowledge 
about the trustee (Komiak & Benbasat, 2006). Trust reflects an individual’s positive expectation toward 
another party’s future behavior (Mayer et al., 1995). Consumers will use the information and knowledge 
they obtain through information searching to predict the trustee’s behavior in the future (Doney & 
Cannon, 1997). Hence, familiarity can enhance consumers’ trust in mobile payments (Zuckers, 1986). 
Thus,  
Hypothesis 3. Consumers’ information searching will have a positive relationship with their trust in 
mobile payments.  
Trust is especially important when it comes to financial related services because consumers always worry 
about money loss (Coleman, 1990). Mobile payments are also risky because they operate based on mobile 
Internet and there is high uncertainty and perceived risk associated with using mobile payments (Zhou, 
2014). The relationship between trust and behavioral intention is supported by the initial trust building 
theory. According to the initial trust building theory, trust belief toward a behavior will have a positive 
relationship with trust behavior such as adoption of mobile payments in this research (McKnight et al., 
1998, 2002). Thus, 
Hypothesis 4. Consumers’ trust in mobile payments will have a positive relationship with their 
behavioral intention toward mobile payments.  
Consumers search for information before they make acceptance decisions (Bruyn & Lilien, 2008; Dewey, 
1910). Information of an innovation will help consumers break different kinds of acceptance barriers such 
as usage, value, risk, and image barriers (Laukkanen & Kiviniemi, 2010). As a result of information 
searching, consumers form an overall assessment of the utility of mobile payments based on the 
information they obtain. This overall assessment, referred to as perceived value (Zeithaml, 1988), has a 
positive relationship with consumers’ behavioral intention toward mobile payments (Setterstrom et al., 
2012). Meanwhile, consumers can actively search for relevant, sufficient, accurate, and timely information 
about mobile payments through information searching. Information quality has a positive relationship 
with individuals’ intention to use mobile payments (DeLone & McLean, 1992, 2003). Thus,  
Hypothesis 5. Consumers’ information searching will have a positive relationship with their behavioral 
intention toward mobile payments. 
Methodology 
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Data Collection 
A survey was used for data collection. Three hundred and forty questionnaires were collected from the 
general public in China. Eighteen questionnaires were excluded from the dataset because of high rate of 
same answers, making the final sample size 322, in which 216 respondents are users and 106 respondents 
are non-users. Sample size will affect the significance of path coefficients (Cohen, 1988). The bigger the 
sample size, the bigger the tendency of statistically significance. In order to minimize the effect of sample 
size on significance test and make a comparison of the user and the non-user groups in China, we 
randomly selected 106 questionnaires from each group. 106 questionnaires were randomly selected from 
the 216 users, leading to two groups: the user group and the non-user group, each of which has 106 
respondents. Table 1 summarizes the demographic information of the participants of the two groups.  
Measures 
Wherever possible, items were drawn from existing scales. Some minor modifications were made to the 
adopted measures. All items are measured on a seven-point Likert scale, ranging from strongly disagree 
(1) to strongly agree (7). Because data will be collected from both users and non-users, two versions of the 
questionnaire were used. One version is for users, and the other is for non-users. The original English 
instruments were translated into Chinese by following the back translation approach. A pilot test was 
conducted using a group of volunteer respondents in China to test the wording and reliability of the items. 
Table 1. Demographic Information 
Positive word of mouth was assessed with three items adapted from Alexandrov and Babakus (2013). 
Media usage was assessed with five items adapted from Loibl et al. (2009) and Wei et al. (2011). Explicit 
social influence was assessed with three items adapted from Venkatesh et al. (2012), and implicit social 
influence was assessed with three items adapted from Kim et al. (2007). Information searching was 
assessed with five items adapted from Barki et al. (2007). Trust in mobile payments was assessed with 
eight items adapted from Chandra et al. (2010) and Lu et al. (2011). Intention to use was assessed with 
Measure Item 
User group (n=106) Non-user group (n=106) 
# % # % 
Age 
<21 3 2.8 11 10.4 
21-25 57 53.8 54 50.9 
26-30 33 31.1 23 21.7 
31-35 9 8.5 11 10.4 
>35 4 3.8 7 6.6 
Gender 
Male 73 68.9 57 53.8 
Female 33 31.1 49 46.2 
Education  
Some college or less 15 14.2 20 18.9 
Bachelor 61 57.5 63 59.4 
Master 26 24.5 19 17.9 
PhD or Professional 4 3.8 4 3.8 
Length of experience 
with mobile 
payments (Month) 
None N/A N/A 106 100 
0-6 24 22.6 N/A N/A 
7-12 19 17.9 N/A N/A 
13-18 15 14.2 N/A N/A 
>18 48 45.3 N/A N/A 
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three items adapted from Gu et al. (2009), and intention to continued use was assessed with three items 
adapted from Venkatesh et al. (2012). Perceived ease of use was assessed with three items adapted from 
Lin et al. (2011). Perceived usefulness was assessed with three items adapted from Kim et al. (2010). 
The technology acceptance model supports the effect of perceived ease of use and perceived usefulness on 
behavioral intention. Perceived ease of use and perceived usefulness were used as control variables.   
Data Analysis and Results 
The PLS algorithm was conducted to analyze the data by using SmartPLS 2.0 (Ringle, Wende, & Will, 
2005). PLS was chosen for its ability to handle non-normality in the data, and because the goal of this 
research is to explain variance in the outcome variable (Gefen et al., 2000). Exposure to mobile payments 
was measured by multiple subscales, which are media usage, positive WOM, explicit social influence, and 
implicit social influence. We condensed exposure to mobile payments by using latent variable scores of 
the subscales as items of the higher order construct as suggested by Williams and Hazer (1986).   
Common Method Bias 
All data was collected through a self-report survey. Thus, there is a potential of common method bias 
(Podsakoff et al. 2003). This research examined common method bias using three tests. First, the 
Harmon’s single factor test was performed. More than one single factor emerges from the unrotated factor 
solution, and none single-factor accounts for the majority of the covariance in the variables (Podsakoff et 
al. 2003). Second, researchers compared correlations among constructs by following the procedure 
established by Pavlou, Liang, and Xue (2007). The results revealed no constructs with correlations over 
0.7. Third, the unmeasured latent method construct (ULMC) technique (Liang et al. 2007) was 
performed. For the user group, the ratio of substantive variance to method variance is about 68.4:1. For 
the non-user group, the ratio of substantive variance to method variance is about 89.4:1. All results 
indicate that common method bias is unlikely to be a serious concern for this study. 
Measurement Model  
Perceived ease of use does not have a significant impact on behavioral intention. Thus, results of the 
model with perceived usefulness as the control variable are reported below. Results are reported and were 
evaluated in a two-step approach suggested by Hair et al. (1998) (See Table 2 and Table 3). Composite 
reliability (CR) ranged from 0.864 to 0.963 for the user group and from 0.868 to 0.960 for the non-user 
group, indicating valid internal consistency reliability (Chin, 1998). All AVEs are larger than 0.5, 
indicating valid convergent validity (Fornell & Larcker, 1981). Additionally, all squared roots of AVEs are 
greater than the correlation shared between the construct and other constructs in the model, and all items 
load appropriately on their intended construct, indicating discriminant validity (Chin, 1998). None 
variance inflation factors (VIFs) of the independent variables exceeds 3, suggesting that multicollinearity 
is not a concern (Petter et al. 2007). 
 User Group 
 R2 CR AVE EXP INS TR INT PU 
Exposure (EXP) N/A 0.864 0.617 0.785     
Information searching (INS) 0.359 0.923 0.705 0.599 0.840    
Trust (TR) 0.219 0.944 0.680 0.434 0.399 0.825   
Behavioral intention (INT) 0.628 0.941 0.841 0.453 0.443 0.478 0.917  
Perceived usefulness (PU) N/A 0.963 0.896 0.270 0.190 0.281 0.702 0.946 
     Note: bold is the square root of AVE. 
Table 2. Measurement Validity for the User Group 
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 Non-User Group 
 R2 CR AVE EXP INS TR INT PU 
Exposure (EXP) N/A 0.868 0.624 0.790     
Information searching (INS) 0.185 0.921 0.701 0.430 0.837    
Trust (TR) 0.267 0.960 0.751 0.447 0.427 0.867   
Behavioral intention (INT) 0.578 0.922 0.798 0.362 0.377 0.574 0.893  
Perceived usefulness (PU) N/A 0.941 0.842 0.124 0.0549 0.229 0.588 0.918 
     Note: bold is the square root of AVE. 
Table 3. Measurement Validity for the Non-User Group 
Structural Model 
The path coefficients and explained variances of the structural model for both groups are shown in Figure 
2 and Figure 3. PLS does not generate the model fit statistics but uses R2 to assess the explanatory power 
of a structural model. The model explained 62.8% of the variance in users’ intention to continue use 
(adjusted R2=0.617), and 57.8% of the variance in non-users’ intention to use (adjusted R2=0.566), 
validating the predictive power of the model.   
 
Note: *p<0.05, **p<0.01, and ***p<0.001. 
Figure 2. Structural Model for the User Group 
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Note: *p<0.05, **p<0.01, and ***p<0.001. 
Figure 3. Structural Model for the Non-user Group 
For both groups, the results indicate that exposure to mobile payments has a positive impact on trust 
(Users: b=0.243, p<0.01; Non-users: b=0.243, p<0.01) and information searching (Users: b=0.243, 
p<0.01; Non-users: b=0.243, p<0.01), supporting H1 and H2. Information searching has a positive 
impact on consumers’ trust (Users: b=0.243, p<0.01; Non-users: b=0.243, p<0.01). Thus, H3 is 
supported. Trust (Users: b=0.243, p<0.01; Non-users: b=0.243, p<0.01) and information searching 
(Users: b=0.243, p<0.01; Non-users: b=0.243, p<0.01) each has a positive relationship with consumers’ 
behavioral intention toward mobile payments, supporting H4 and H5.  
Multi Group Analysis 
In the structural model, the path coefficients vary across the two groups. A multi group analysis with PLS 
was conducted in order to test whether these differences are significant (Chin, 2000; Keil et al., 2000). 
Parametric t-test was performed to identify any significant difference between path coefficients of the two 
groups (Chin, 2000; Keil et al., 2000). According to the results, one path coefficient is different between 
the user and non-user groups, which is “Trust -> intention” (buser=0.211, bnon-user=0.385, ∆b=-0.174, 
p<0.05).  
Discussion 
Key Findings 
The results provide insight into the importance of exposure to mobile payments and its relationship with 
information searching and trust, which then affect consumers’ behavioral intention toward mobile 
payments. The findings suggest that consumers who have more exposure to mobile payments are more 
likely to search for information about mobile payments than those who have less exposure to mobile 
payments. Meanwhile, exposure to mobile payments will also encourage consumers to trust in mobile 
payments. Moreover, our results show that consumers’ information searching has a positive relationship 
with their trust in mobile payments. Meanwhile, information searching and trust each has a positive 
relationship with their behavioral intention toward mobile payments. Our results also suggest that trust in 
mobile payments is more important for non-users than for users in encouraging them to use mobile 
payments. The quick adoption of Apple Pay supports our findings. Consumers are greatly exposed to 
Apple Pay because of high reputation of IPhone and Apple, Inc. and consumers’ close attention to new 
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payment function of IPhone. This increases consumers’ interest in searching for information of Apple Pay 
and helps build their trust in Apple Pay, boosting their acceptance of Apple Pay.  
Limitations 
Some limitations should be considered when interpreting the findings. First, the data was collected by 
using a self-report survey. Hence there is potential for common method biases (Podsakoff et al., 2003). 
However, common method bias was tested and is not a significant problem in this research. Second, the 
limited source and special characteristics of the sample restrict the generalization of the findings in this 
research. However, most of our respondents are under 30 years old, who are more willing to adopt mobile 
payments than other age groups (Scevak, 2010).  
Implication for Theory 
For technology acceptance research, this research explores the similarity and difference across adoption 
and post adoption. This research suggests that exposure to mobile payments, information searching, and 
trust in mobile payments can be used to predict both adoption and post adoption behavior. Moreover, our 
research explores the difference in the strength of relationships between the user and the non-user groups 
and finds that the importance of trust varies across the user and the non-user groups.  
This research also contributes to trust building research. This research explores the trust building during 
the consumer learning process. Results indicate that consumer learning, represented by information 
searching and exposure to mobile payments, has a positive relationship with consumers’ trust in mobile 
payments. 
Our findings about the positive impact of information searching on trust and behavioral intention also 
guarantee some discussions. Information searching, refers to time and energy consumers spent on 
learning how to use mobile payments, is a type of sunk cost (Park et al., 2012). If there is any sunk cost, 
consumers may be less likely to make a change and thus are more likely to accept mobile payments 
(Polites & Karahanna, 2012).   
Implication for Practice 
This research also provides mobile payments practitioners with some suggestions on how to attract non-
users and retain users. Practitioners need to increase consumers’ exposure to mobile payments because it 
will encourage consumers to search for information and build trust in mobile payments. For example, 
mobile payment service providers can give users a bonus to encourage them to recommend mobile 
payments to their friends. Advertising and free applications are also good choices to increase consumers’ 
exposure to mobile payments.  
Moreover, practitioners need to utilize possible mechanisms to boost consumers’ trust in mobile 
payments. For example, mobile payment service providers can cooperate with insurance companies and 
purchase insurance for their users to protect their transactions. If users encounter fraud and lose money, 
the insurance will cover their loss. 
Meanwhile, practitioners should show non-users their endeavor to protect consumers’ property and right 
to encourage non-users to trust in mobile payments. Some examples of trust building mechanisms are 
company reputation, structural assurance, information quality, and system quality (Chandra, et al., 2010; 
Zhou, 2011).   
Conclusion 
This research verifies the vital role of consumer learning in building trust and encouraging consumers to 
accept mobile payments. Results indicate that exposure to mobile payments encourages consumers to 
search for information and trust in mobile payments, which in turn affect their behavioral intention. 
When we statistically compared our results across the user and non-user groups, the similarities and 
differences in the cognitive processes involved for adoption and post adoption became apparent. 
Theoretical and practical implications of the findings are also presented. This research deepens our 
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understanding of how consumer learning, represented as exposure to mobile payments and information 
searching, can be used to help consumers build trust and encourage them to accept mobile payments. 
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